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ABSTRACT

As generative artificial intelligence tools are integrated into work-
places, it is critical to understand how individuals trust generative
Al tools. We propose a mixed-method protocol to evaluate trust
of these tools in the workplace utilising existing trust scales and
semi-structured interviews. Trust has been widely studied across
disciplines for many years and frameworks of understanding trust
have been developed. However, there is a gap in standardised meth-
ods to understand and measure trust. The nature of generative
Al in particular the frequency in which it is anthropomorphized,
complicates the existing measures and frameworks. This protocol
aims to answer questions regarding how accuracy, expertise, and
experience impacts trust of these tools, as well as the impact of
personal traits. We aim to have this protocol contribute to a greater
understanding of trust, especially in the new environment of gen-
erative Al as well as increase the standardisation and replicability
of trust research protocols.
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1 INTRODUCTION

There is an urgent need to understand trust of generative artificial
intelligence tools in the workplace as these tools become more ubig-
uitous across industry. Trust has been widely studied for decades.
Yet, it remains difficult to define, measure, and understand. Trust
has been found to impact technology adoption which creates a
business case to better understand and explore the concept of trust
in the era of generative Al [11]. There also exists evidence that
ongoing use of a tool can be a valid proxy of trust [3]. Despite these
insights, there is no clear understanding of how individuals trust
generative Al tools in the workplace and what factors impact that
trust. There has been a growing body of work in user-centred Al
but the field is nascent and there are few user studies that focus on
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trust. This study aims to address this gap via the proposed protocol
to evaluate trust that can be applied to diverse settings.

2 BACKGROUND

The gap of understanding of trust exists because there are no widely
accepted methods to measure and understand trust [1, 10]. Previ-
ous research has introduced the concept of human-human trust
and human-machine trust providing frameworks for understanding
trust mechanisms in these dyads [4, 8, 10]. It is not currently known
which framework of trust generative Al fits best with, especially
due to the frequent anthropomorphisation of generative Al [4, 8].
There are additional factors that might impact trust that should
be explored, such as accuracy of the tool, trust of the employer
and the developers, and individual traits of the end-user. There is
not a standard definition of trust that is used across research [1].
The definition of trust we will use is "an attitude that an agent will
achieve an individual’s goal in a situation characterized by uncer-
tainty and vulnerability" [6, p.54]. This definition is frequently used
and theoretically valid [1, 10]. There has been increased interest and
research in trust, particularly in human-computer interaction, but
recent research remains primarily exploratory [2, 10]. This work
aims to combine both explanatory and exploratory components.

3 RESEARCH QUESTIONS

The research questions that will be explored in this study are:

(1) How does the accuracy of an agentic coding assistant impact
end-user trust?

(2) How does the end-user’s expertise, demographics, and traits
impact trust of an agentic coding assistant?

(3) Does this proposed protocol effectively measure trust of an
agentic coding assistants?

4 METHODOLOGY
4.1 Participants

The proposed study will evaluate the trust of programming experts
with an agentic integrated development environment (IDE). Par-
ticipants will be recruited from academic institutions and industry
in Ireland. Recruitment will occur in computationally significant
fields such as mathematics, computer science, engineering, and
physics. Participants will be proficient with common programming
languages like R and Python as well as IDEs. They will be recruited
using a snowball sampling method with careful attention to ensure
that recruitment has a variety of starting points in the networks to
reduce bias [7].
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4.2 Rationale for Mixed Methods

In previous trust research, qualitative methods, particularly semi-
structured interviews, are heavily relied upon [1]. Scales have also
been relied upon, however, they are frequently custom scales and
are not validated for application to new populations or contexts
[1]. By utilising a mixed method approach for this study, we will
be able to utilise the value of the reliability of a standardised scale
while including the richness of qualitative data to give further
context to the scale, tool, and task. A mixed-method approach to
this protocol allows for exploration, development, and validation
of new applications of existing methods. Recent literature indicates
that there is still a lot to learn about how individuals trust in new
contexts, like generative Al, and thus, it is important to retain a
significant qualitative component in the protocol [2, 10].

5 PROTOCOL

This study will develop and test a three-phase protocol to measure
and understand trust of an agentic coding assistant in the workplace.
The protocol will be iterative as it is applied to additional tools
and environments beyond this initial setting. The protocol follows
a mixed-method approach that utilises an existing trust scale, a
coding task with an agentic coding assistant, and a semi-structured
interview.

5.1 Phase 1

This phase will be a short survey that utilises the standard trust
question, including versions that address trust of generative Al
and technology companies. The standard trust question is “gen-
erally speaking, would you say that most people can be trusted,
or that you can’t be too careful in dealing with people?” [9, p. 72].
Closed-ended questions will be asked about the participant’s use
of generative Al tools in the workplace, including which tools they
use and what tasks they use and do not use these tools for. At this
stage demographics will be collected including age range, gender,
nationality, and education level.

5.2 Phase 2

The next phase will be a task with the IDE and the completion
of the "Trust in Automation" (TiA) trust scale [5]. Before the task,
participants will rate their expertise with a programming language
of their choosing via a 5-point scale. The participants will then
have 15-30 minutes to explore the IDE. They will be able to define
their own prompt or select a prompt from a prompt bank that the
research team has developed. Following the task there will be a
brief questionnaire about the participant’s perceived accuracy of
the generated code and their confidence and trust in that code. Then
the participant will complete the 12-point TiA scale [5]. This scale
was developed to measure human-machine trust of an automated
system which provides the rationale for why it should be evaluated
for its ability to effectively measure trust of generative Al tools [5].

5.3 Phase 3

The final phase will be a semi-structured interview that will address
a variety of topics including the task itself, the general trust of tool,
the participant’s use of generative Alin the workplace, what the role
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of generative Al has been in their workplace, and the participant’s
general trust.

6 PROPOSED CONTRIBUTIONS

The next steps will be to run this protocol in this context and share
results when they are available. After this study has been completed,
we will iterate on and refine the protocol based on the results of the
study. Given the lack of research in this area, we believe that it is
beneficial to develop and share this protocol at this stage allowing
for iteration and feedback at all stages. Additional studies will
evaluate the trust of retrieval-augmented generated systems that
cover workplace policy. We intend for this protocol to be utilised
by others in Al research to increase the field’s understanding of
trust, increase standardisation and replicability, and improve the
methods of measuring trust.
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